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SalienceGraph: Visualization of Topic Transition Based on Reference Probability
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Discourse context dynamically changes because the targets of the participants’ attention change with each utter-
ance unit. This paper presents visualization schemes of the dynamic flow of topics in discourse context. Visualizing
the topic dynamics in a long discourse helps its readers to understand its time-series contextual overview. To visu-
alize the topic dynamics, we define reference probability as a quantitative scale of discourse salience on the basis of
centering theory. A dynamic context can be represented as a high dimensional vector of the reference probability.
To visualize it in three dimensional space, we reduce dimensions by using PLSA (Probabilistic Latent Semantic
Analysis). Words associated with latent topics on the basis of weighted PMI (Pointwise Mutual Information) help
users to grasp the topics. Our visualization will enable us to develop browsing interface for long meeting minutes,
which satisfies Shneiderman’s “Visual information-seeking mantra”.
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